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bin )
assume N marbles sampled independently, with
orange probability = p, orange fraction = v,
green probability = 1 — p, green fraction =1 — v,
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training examples
D: (X1, 01), . (Xn, Y

(historical records in bank)

hypothesis set
H

(set of candidate formula)

unknown
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F

learning
algorithm
A

final hypothesis
g=i
(learned’ formula to be used)
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4. Connection to Real Learning
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